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Machine Learning - explained
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Data preparation

Fog related variables Temporal information

* : Temperature

Relative humidity

: Dewpoint depression

: Visibility

Wind direction

Horizontal Windspeed

Solar zenith angle

Global radiation
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Data preparation
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XGBoost — explained
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Logistic Regression - explained
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Simulation
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Results — best case
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Overall Performance

F1:0.88
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+17%
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F1:0.75/0.82

Fog Formation

Accuracy: 46%

+253%
Accuracy: 58%
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Conclusion
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Smoothing + temporal information significantly increased the
performance
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Evaluation of overall performance + transitions

Baselines are needed

puts results in contrast + makes studies comparable
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Outlook
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